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Why There Is No Wikipedia for Alignment

ANONYMOUS AUTHOR(S)

Wikipedia shows that many people will build a shared resource without pay when they can see it used and govern it together. Efforts
to involve the public in shaping how language models behave have not produced such a commons. We ask why with a comparative
case study of fourteen efforts from 2022 to 2026 to shape or evaluate model behavior, among them OpenAssistant, Aya, Chatbot
Arena, Collective Constitutional AI and other public consultations, paid preference datasets and open platforms, and five projects that
sustained volunteer contribution for years: Wikipedia, OpenStreetMap, Community Notes, Mozilla Common Voice and Galaxy Zoo.
We assess every case on six ingredients of successful peer production synthesized from peer production and commons scholarship,
using 90 public documents, and measure contribution in trace data from six projects. Human feedback has been organized as labor,
exchange, campaign, consultation or open platform, and none of these forms is a commons. Low barriers to entry, motivation tied to
seeing one’s work used, and a goal that is never finished accompany the efforts that lasted; a lasting public artifact, common ownership
and self-governance accompany the projects whose contributors kept what they made. No effort to shape AI behavior had both sets.
OpenAssistant’s volunteers came in bursts, and the project announced its completion within a year; Chatbot Arena’s 82 million unpaid
votes stayed with an operator now valued at $3.1 billion. We trace the gap to the unit of contribution. A preference label judges one
model’s outputs, disappears into the model it trains and goes stale when the next model arrives, so it cannot accumulate into an
artifact that contributors see, revise and own. We outline a constitution commons of written principles and adjudicated cases, held
under share-alike licenses and governed by its contributors. We release the criteria, the evidence for every assessment and the analysis
scripts.

1 Introduction

Efforts to involve the public in shaping model behavior have not produced a commons. OpenAssistant drew more than
13,000 volunteers in 2023 to write and rank conversations for an open assistant, then announced that it was completed
[61, 65]. Chatbot Arena has collected more than 82 million unpaid votes comparing models and is now a company
valued at $3.1 billion that releases a small fraction of them [3, 8, 9]. Developers and nonprofits have convened samples
of the public to write rules for models [37, 51], and developers publish their models’ specifications in the public domain
while keeping sole control of their content [6, 91]. OpenAI’s call for democratic inputs to AI named Wikipedia as its
foremost inspiration [126]. Why is there no Wikipedia for alignment?

We answer with a comparative case study in the manner of Hill [46], who explainedWikipedia’s success by comparing
it with other early online encyclopedias. We assess fourteen efforts from 2022 to 2026 to shape or evaluate how language
models behave, and five projects that sustained volunteer contribution for years (Wikipedia, OpenStreetMap, Community
Notes, Mozilla Common Voice and Galaxy Zoo), against six ingredients of successful peer production synthesized from
peer production and commons scholarship [15, 40]. Where projects released records of contribution, we measure it
directly.

Our contributions are threefold. We synthesize six ingredients of successful peer production from peer production
and commons scholarship, in two groups: ingredients that bring contributors in and keep them, and ingredients that
keep what contributors make in their hands (Section 3). We assess fourteen efforts to involve the public in shaping AI
behavior against these ingredients, with five commons that succeeded as comparators and trace data where projects
released it (Section 4). And from that comparison we derive a design for a commons for alignment and analyze its hard
problems. Don-Yehiya et al. [35] drew lessons from peer production for an open pool of human feedback; we test such
lessons against the record.
Manuscript submitted to ACM 1
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2 Anon.

2 Related Work

2.1 Human Feedback and Public Input

Human feedback is a form of data labor that developers buy and rarely disclose. Contractors give most of the judgments
used in preference tuning [114], much as crowdworkers produce the other data on which machine learning depends
[43, 78]. Firms seldom report this labor, and its omission is rarely treated as a form of closedness [118]. Research on
data leverage treats the public’s contributions as a source of power over technology companies [116], and finds that the
more openly data labor is shared, the less its producers can keep companies from benefiting [69]. We treat paid labeling
as one of five forms that human feedback has taken.

Developers now publish how their models should behave, but only the developer edits these specifications. OpenAI’s
Model Spec and Anthropic’s constitution for Claude are in the public domain under CC0 [91], and Anthropic says
that Claude turns the constitution into synthetic training data, including rankings of responses [6]. The Model Spec’s
repository has issues turned off and restricts pull requests [90], Anthropic describes no public way to propose changes,
and outsiders contribute through personal access [5, 92]. A public, openly licensed text that shapes training therefore
exists, and anyone may fork it. The specifications invite no public contribution, so we do not assess them as cases.

Efforts to give the public a say in model behavior have mostly consulted samples of people about rules. Developers
and researchers have asked the public to write constitutions and policies [16, 37, 51, 59, 60]. Reviews of participatory AI
find that most projects stop at consultation [29, 34], warn of participation-washing [108] and co-optation [17], and
describe a “participatory ceiling” set by developers’ control of foundation models [110]. Moats and Ganguly [81] show
that OpenAI’s program assumed participation must scale and reach consensus on abstract principles. We ask what
would let members of the public produce and govern the norms that models follow, and we treat these critiques as
standards for the answer.

2.2 Peer Production, Commons and AI

Peer production communities already govern machine learning for their own purposes. Wikipedians curate training
data for models that score edits, audit their predictions, and have blocked a bot through their own processes [44], and
Wikipedia rebuilt the labeling of such data as wiki pages with discussion [64]. Commons scholarship offers a case-study
instrument, the Governing Knowledge Commons framework [40, 75, 109], which has been applied to Wikipedia, open
source and Galaxy Zoo [74] but rarely to AI. We apply it to the norms that language models follow.

AI systems also deplete the commons they draw on. The Wikimedia Foundation reports falling human visits and
heavy load from crawlers [80, 85], and Stack Overflow’s activity fell after ChatGPT’s release [33]. Model weights
organize communities poorly: activity on a model’s Hugging Face repository lasts about six weeks on average [22]. A
commons for alignment therefore needs an artifact other than weights, and protection from the kind of reuse that is
draining Wikipedia’s readership.

2.3 Closest Proposals

Three lines of work come closest to a commons for alignment: open pools of human feedback, case law for AI, and
community feedback that trains models. Don-Yehiya et al. [35] draw lessons from Wikipedia, OpenStreetMap and open
source for an open, community-governed pool of human feedback that would be a living artifact; their unit remains
chats and preferences, which we argue cannot form one. Case law for alignment has been proposed as repositories
built by researchers [20, 38], as a jurisprudential argument for combining rules and cases [18], as a public constitution
Manuscript submitted to ACM
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Why There Is No Wikipedia for Alignment 3

with state “AI courts” whose rulings train models [1], and as courts inside developers [31]; we place adjudication in a
volunteer commons outside any developer or state. Li et al. [68] propose training note-writing models on Community
Notes ratings, which they call reinforcement learning from community feedback; that loop starts from a functioning
commons, which alignment lacks. Platform-run living constitutions have also been tried [25, 104], as has a commons of
community-written evaluations [27], and all three are among our cases.

3 What Made Peer Production Work

We use the definition of Benkler et al. [15]: peer production is open creation and sharing online in which goals are set
and pursued in a decentralized way, contributors act on mostly non-monetary motives, and governance is separated
from property and contract. Work assigned by a requester, paid by the piece, or owned by a firm therefore falls outside
it.1

Peer production succeeds when work divides into small modules, integration is cheap, and no one appropriates the
result. Volunteers withdraw when an integrator takes the residual value of the joint product or excludes them from
using it [13, 14]. Comparing the eight online collaborative encyclopedias active before 2001, Hill [46] credits Wikipedia’s
success to a familiar product (“just an encyclopedia”), low barriers to contribution and low individual ownership of text,
and rejects better technology and timing as explanations. Free software forms what Kelty [55] calls a recursive public,
one that maintains the technical, legal and conceptual means of its own existence. From this work and from commons
scholarship [94, 109] we synthesize six ingredients in two groups, which Section 4 uses to assess each case. We describe
each ingredient in turn and then say how we read each case’s outcome:

• Mobilizing ingredients bring contributors in and keep them.
(1) Entry. Anyone can make a small, useful contribution quickly, and cheap review, redundancy, bots and

reverts keep quality up [62]. When 136 wikis began requiring accounts, contributions fell, mostly high-
quality ones [49]. Openness is calibrated, since Wikipedia protects many of its most viewed pages [48] and
its anti-vandalism tools drive newcomers away [45].

(2) Motivation. Contributors act on fun, learning, ideology, standing and use value, see their work used by
an audience, and receive recognition [66]. After China blocked Chinese Wikipedia in 2005, contributors
outside mainland China, who could still edit, cut their contributions by 42.8% [128], which suggests that
contributors work harder when a large audience can see and use what they make. Randomly awarded
barnstars and awards raised effort and retention [42, 100]. Much of open source development is also paid
work [101], so pay alone does not rule out peer production. However, it harms peer production when
volunteers come to see their work as raising someone else’s profit [13].

(3) Goal. The project’s goal names a product that contributors already know, such as an encyclopedia, so
each of them can say in a sentence what is being made [46]. Short shared norms then say what a good
contribution to that product is [99]. We add whether the goal can be finished, because contributors have no
reason to continue once it is met. An encyclopedia is never finished, so Wikipedia had more to do, while a
dataset of a target size can be.

• Commons ingredients keep what contributors make in their hands.

1Benkler’s 2002 definition was broader and counted harvested judgments such as NASA’s Clickworkers and Google’s PageRank [13].
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4 Anon.

(4) Artifact. Contributions accumulate in a lasting object that anyone can see, trace and improve, and that
coordinates further work [58]. Persistent, public records of work and debate drove the creation and adoption
of Wikipedia’s rules [115].

(5) Ownership. Rights in the individual contributions and in the whole they are assembled into, such as the
full encyclopedia or code base, are held in common, through open or share-alike licenses and a community
or nonprofit holder [87]. While forking alone does not let contributors correct a project’s governance [113],
licenses guarantee the right to fork [86].

(6) Governance. Contributors make and change the rules, including the rules by which contributions become
outcomes, and settle disputes through processes they consider legitimate [39, 94, 102]. Self-governance
tends toward oligarchy, as a small group present from the start consolidates authority [105].

We read each case’s outcome as its trajectory in Table 1: whether unpaid contribution lasted, and who kept what
contributors made. Following Sanfilippo et al. [102], we take each project’s purpose from its organizers’ words. A
project that stopped after meeting its aim therefore ended as planned, and the Goal ingredient records that such an
aim ends contribution. Most peer production fails whatever its design; by 2006, 63% of 107,747 SourceForge projects
had been abandoned, and in 2010 the median wiki on Wikia had six contributors [103, 105]. Lacking an ingredient is
therefore the norm, and the comparison asks which ingredients the lasting projects shared.

4 Method

We adapt Hill’s comparative design to a different question. Hill asked why one of eight similar attempts succeeded [46];
we ask why no attempt in a domain has, so we compare across domains.

4.1 Cases and Assessment

We included efforts from 2022 to 2026 that invited the public to help shape or judge how language models behave, and
that are documented well enough to assess on each ingredient. We found the efforts through the related literature, the
datasets used in preference-tuning research, and searches for public-input processes and volunteer data projects. The
fourteen efforts (Table 1) group similar projects, so that the ten projects funded by Democratic Inputs to AI form one
case. They are three volunteer data projects (OpenAssistant, Aya and Data Is Better Together); Chatbot Arena, which
collects votes from the people who use it; six public consultations (Collective Constitutional AI, Democratic Inputs
to AI, OpenAI’s collective alignment studies, Meta’s Community Forums, the Collective Intelligence Project’s Global
Dialogues and STELA); two open platforms (Weval and Community Models); paid research datasets such as PRISM and
Community Alignment; and a baseline that shows how model developers do this work themselves, paid annotation.
Volunteer projects that built pretraining corpora or models, such as LAION-5B, BigScience’s BLOOM and EleutherAI’s
models, fall outside the criteria, since they set no aim for how models should behave, and so do developers’ published
specifications, which invite no public contribution (Section 2). We chose five comparators that sustained volunteer
contribution for years, each resembling human feedback in one respect: Wikipedia, the reference case; OpenStreetMap,
a commons that companies came to depend on and join; Community Notes, contested judgments made by volunteers
on a platform, which now train an AI model; Common Voice, volunteer training data for machine learning; and Galaxy
Zoo, volunteer labels.

Terminology. We sort the efforts into five forms by who contributed, whether they were paid, and who kept and
decided what they made. In labor, contractors or recruited participants are paid, and the developer or research team
Manuscript submitted to ACM
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Why There Is No Wikipedia for Alignment 5

that paid them keeps the product or releases it frozen. In exchange, people contribute as a by-product of using a free
service, and the service’s operator keeps what they contribute. In a campaign, volunteers build an openly licensed
dataset with a termination point. In consultation, a sample of the public that the organizer recruits advises on rules, and
the organizer decides how that input becomes rules. On an open platform, anyone may contribute without pay to an
artifact with no termination point, and the platform’s operator sets the rules for what the artifact accepts.

Documents and assessment. We assessed each case as present, partial or absent on each ingredient by criteria for
each ingredient. The commons criteria adapt the Governing Knowledge Commons questions [109], and the mobilizing
criteria draw on the studies of Section 3. An ingredient assessed as absent describes the project’s design and says
nothing about whether the project met the purpose its organizers stated. The assessments rest on 90 public documents
collected up to 18 October 2026: 35 research publications, 27 announcements, documentation pages and project pages,
21 repository pages, dataset cards and data services, 6 policies, licenses or terms, and 1 commentary. We assigned each
assessment from the 90 documents, citing the ones that support it.

4.2 Trace Data

Where projects released records of contribution, we computed the same three measures: contributors per month, active
contributors per month, and return rate. We used OpenAssistant’s full message export [93], the daily Community Notes
data as of 17 October 2026 [125], Common Voice’s release statistics [84], Aya’s annotator identifiers [24], a released
sample of 106,134 Chatbot Arena votes [70], and Wikipedia’s monthly counts of registered, non-bot editors of articles
[119]. Following Wikimedia’s definition of an active editor, an active contributor makes five or more contributions in a
month. A contributor returns if they contribute again 30 or more days after their first contribution, counted among
those whose first contribution came at least 30 days before the end of the data. The criteria, the assessments with their
evidence, and the scripts that reproduce every number are available at [TODO: repository link].

5 Findings

Across the cases, human feedback has been organized in five ways (Table 1), and none of them is a commons. The
mobilizing ingredients line up with which efforts lasted, and the commons ingredients line up with who ended up
keeping what contributors made. No effort to shape AI behavior had both.

5.1 Labor: Feedback as a Purchase

• Developers buy most of their feedback. InstructGPT used about 40 contractors from Upwork and Scale AI,
screened partly for agreeing with the researchers [95], and Llama 2’s vendor-supplied annotators had to pass a
test of agreement with the team [114]. HH-RLHF didn’t screen on agreement [12].

• The labels behind InstructGPT and Llama 2 were never released.
• The money is unevenly spread. Workers in Kenya labeling toxic text for OpenAI through a contractor took

home $1.32 to $2 an hour [96], while the vendor Surge AI reported over $1 billion in revenue for 2024 [117].
• Research datasets also pay (£9 an hour in PRISM, $28–90 in Community Alignment) and release their data

openly [127], but as PRISM’s authors put it, they “cannot grant participants the power to change behaviours of
deployed LLMs” [57, App. B.9].

• Open pipelines now use AI judges for much of this work [30, 67, 112].
• Labor has neither set of commons ingredients. It lasts as long as someone pays, and the payer owns the result.
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6 Anon.

Table 1. Cases assessed on the six ingredients of Section 3:  present, G# partial, # absent. The first three are the mobilizing
ingredients; the last three are the commons ingredients. Developers’ annotation covers InstructGPT, HH-RLHF and Llama 2, and
research datasets cover PRISM and Community Alignment.

Mobilizing Commons

Case Entry Motiv. Goal Artif. Own. Gov. Trajectory

Labor – paid contributors, whose work is kept by the payer; releases frozen
Developers’ annotation # # G# # # # Sustained by payment; labels mostly unreleased
Research datasets # # G# G# G# # Collected once or in two waves; released frozen

Campaign – volunteers build an open dataset with a termination point
OpenAssistant   G# G#  G# Bursts in 2023; announced completed in October 2023
Aya   G# G# G# G# Collected in 2023; unchanged since March 2024
Data Is Better Together  G# G# G# G# G# Sprints of weeks in 2024–25; completed

Exchange – users of a free service give input that the operator keeps
Chatbot Arena  G#  G# # # 82 million votes; now a $3.1 billion company

Consultation – a recruited sample of the public advises, and the organizer decides
Collective Constitutional AI # # G# G# # G# One deliberation in 2023; research models only
Democratic Inputs to AI G# # G# G# # G# Ten pilots reported in 2023
OpenAI collective alignment # # G# G# G# # Repeated studies; six edits to the Model Spec in 2025
Meta Community Forums # # G# G# # # Recurring since 2022, new sample each time
CIP Global Dialogues # # G# G# G# # Nine rounds of about 1,000 people since 2024
STELA # # G# G# G# # Eight focus groups in 2022–23

Open platform – anyone adds to a lasting artifact, under rules the operator sets
Weval G# G# G#   G# Since 2025; pull requests from eight accounts
Community Models G# G# G# G# # G# Three communities in 2024–25; models little used

Comparators – projects that sustained volunteer contribution for years
Wikipedia       Sustained since 2001; editors peaked in 2007
OpenStreetMap       Sustained; heavy corporate editing
Community Notes G#    G# G# 10,000+ monthly authors since 2023; trains X’s AI
Common Voice  G#  G# G# G# Releases since 2019; inflow at 3% of 2022 peak
Galaxy Zoo    G# G# G# 100 million classifications by 2009

5.2 Campaigns: Open Licenses and a Termination Point

• The volunteer campaigns each built an openly licensed dataset, released it, and stopped [24]:
– OpenAssistant (LAION) set out to “democratize research on large-scale alignment” [61]. Volunteers wrote,

labeled and ranked messages for leaderboard points, under Apache 2.0 [65].
– Aya (Cohere For AI) collected instruction data in 65 languages from 2,997 registered collaborators in 119

countries, with authorship offered to the most active [23, 107].
– Data Is Better Together ran few-week sprints where several hundred volunteers rated prompts or images

[32, 52].
• On their own terms, they achieved their goal: 556 models on Hugging Face list OpenAssistant’s first dataset as

training data (as of 18 October 2026), and 95.6% of its surveyed contributors were glad they took part.
• OpenAssistant’s activity came in bursts (Figure 1). It had 208,584 messages from 25,133 accounts between 16

January and 5 November 2023. The week after its 5 February call for help had 6,195 contributors, and February
alone produced 54% of all messages. There was a smaller bump in April after the first models came out, and
from June to October it averaged 142 contributors a week, 2.3% of the peak.

• It kept bringing in new people and kept few of them. Half of contributors wrote a single message, 83% were
active on only one day, and 4.5% came back 30 or more days after their first message. In the final seven weeks,
92% of active contributors were new.
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Why There Is No Wikipedia for Alignment 7

• Integration, which Benkler names as the bottleneck [13], fell behind as people left. The work was collaborative
(96% of replies answered someone else, and the median finished conversation tree had nine contributors), so
every departure left something unfinished. Unreviewed messages went from 1% of those written in February to
39% of those written in October, the median wait for a reply went from 14 hours to three or four weeks, and
only 2 of the 995 prompts written from June to October became finished trees. Later messages had less time to
get reviewed before the export, but the reply waits show the same decline.

• Contributors couldn’t go back to their own work. OpenAssistant closed requests to let authors edit their
messages, since edits would invalidate the labels already collected on them [41, 53, 111]. Aya allowed peer
revision during the campaign, but the release is a frozen snapshot, and the planned volunteer updates never
happened [107].

• When OpenAssistant ended, the only thing left was the dataset. Its founder called collecting the data the one
task only the project could do and declared it finished; volunteer moderators, programmers and contributors
had moved on [56]. Frozen releases can also end up in narrower products: Aya 23, trained on the Aya dataset, is
licensed for non-commercial use only [11].

• So the campaigns had low barriers and motivated volunteers, but their goals could be finished, and they had the
commons ingredients only partly.

5.3 Exchange: Sustained Contribution, Kept by the Operator

• Chatbot Arena has had the largest volunteer flow of preference labels. Academic researchers launched it in 2023
as “an open platform for evaluating LLMs based on human preferences” [21]: anyone can use frontier models
for free, and in return they vote on which of two anonymous models answered better.

• Votes went from about 240,000 in early 2024 to over 82 million by June 2026 [3]. Voting is a by-product of using
the service. In a released sample from mid-2024, two thirds of voter IDs appear only once. So contributors don’t
need to have a sense of ownership for their artifact for contribution to keep going.

• The operator (LMSYS) kept the votes. It committed in 2024 to sharing 20% of vote data, and its September 2026
policy promises “a fraction”; the released vote-level data come to some hundreds of thousands out of more than
82 million [8, 73]. One analysis estimated that the two leading model providers each got about a fifth of all
arena data [106], which the operator partly disputes [72].

• Arena became a company in 2025 and in October 2026 raised $200 million at a $3.1 billion valuation [9, 71].
• Exchange got the mobilizing ingredients from offering a free service, and had none of the commons ingredients:

contribution lasted, and the product went to the operator.

5.4 Consultation: The Organizer Decides

• In every consultation, the organizer decided who took part, what they were asked, and how their input turned
into rules. Anthropic and the Collective Intelligence Project chose Collective Constitutional AI’s population,
seed statements, moderation criteria, selection rule and final wording [4, 51]. OpenAI’s internal review decided
which crowd preferences went into its Model Spec [36], and Meta chose its forums’ countries and agenda [19].

• Participants were recruited samples, either through survey panels or paid (up to $540 in OpenAI’s 2025 study,
$75 an hour in STELA) [16, 89]. Most processes ran once [50, 126], and the recurring ones draw a new sample
every round [26, 76].
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• Some input did reach deployed systems. OpenAI adopted six Model Spec changes from its 2025 study, all still
there in August 2026 [92], and Meta says its 2023 forum shaped product defaults [77]. But participants couldn’t
see or revise what their input became: OpenAI’s participants never read the Spec, and OpenAI didn’t run its
final proposals by them [36].

• The outputs often have no license. Collective Constitutional AI’s data do not have one, and the Democratic
Inputs code has no license file despite the grant terms saying they would do so [88].

• OpenAI named Wikipedia and Community Notes as inspirations, but it and the other organizers built consulta-
tions, which Arnstein [10] placed on the rung of tokenism and which are the most common form in participatory
AI [29, 34].

• None of the consultations had either set of commons ingredients.

5.5 Open Platforms: Commons Ingredients, Few Contributors

• Weval, from the Collective Intelligence Project, is a public-domain repository of evaluations that anyone can
propose, and it compares its aim to Wikipedia’s [27]. Its repository has pull requests from eight accounts [28]. It
had the artifact and the ownership, but not the mobilizing ingredients, so owning the commons wasn’t enough
to draw people in.

• In the Collective Intelligence Project’s Community Models, three partner communities voted on principles
for chatbots that follow the resulting constitutions. They then barely used the chatbots, and the organizers
concluded that people can just prompt a personal assistant to get what they need [25]. Having a say over a
model’s rules didn’t keep the groups involved when the model wasn’t useful to them.

• Both platforms had the mobilizing ingredients only partly, and both drew few contributors.

5.6 Recipes for the Comparators’ Success

• Wikipedia and OpenStreetMap had all six ingredients. For Wikipedia this came with oligarchy, a gender gap,
and quality control that drives newcomers away [45, 47, 105].
– English Wikipedia’s active editors peaked at 53,095 in March 2007 and have stayed between 53% and 67%

of that since 2013 [119]. On the same measure, OpenAssistant was under 4% of its peak within four months
(Figure 1).

– OpenStreetMap is a commons that companies joined: paid teams from ten companies, including Apple,
Microsoft and Facebook, have made millions of edits, and the foundation responded with rules for organized
editing [2].

– Both have kept contributors for decades, and the product has stayed theirs.
• Community Notes is the closest thing to a commons for AI feedback.

– Notes show up under posts on X, all notes and ratings are published daily, and an open-source algorithm
decides which notes are shown [120, 125].

– At least 10,000 people have written notes every month since August 2023, and 60% of authors wrote again
30 or more days after their first note, even though you have to earn the right to write by rating first [121].

– Its judgments now train AI. X post-trains a Grok model on data about which notes people found helpful,
and in June 2026 that model wrote 52% of notes rated helpful [124].
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Fig. 1. Contributor activity in volunteer projects, each series as a percentage of its own peak. (a) Contributors with five or more
contributions in a month, Wikipedia’s definition of an active editor, 2001–2026. (b) New contributors per month, 2019–2026; for
Common Voice, the growth in contributors between releases, as a monthly rate. A contribution is a message, a note or an edit, which
differ in effort.

– But X sets the rules, the data have no stated license, and API users can’t train foundation models on X
content [122, 123]. Monthly note authors dropped from 45,398 in January 2025 to 26,586 in September 2026
as AI-written notes grew [79].

– It has the mobilizing ingredients and a public artifact, but the platform owns it.
• Common Voice depends on a funded steward. Volunteers have built a public-domain speech corpus of 42,593

hours in 295 languages as of September 2026 [7, 84], and contributors talk about giving their languages a future
in technology [54]. Mozilla pays staff and took corporate investment [82], field reports describe tedious work
kept going by small material rewards [63], new contributors now arrive at about 3% of the 2022 rate, and since
2025 Mozilla has asked users not to mirror the data [83].

• Galaxy Zoo shows that labeling itself can keep volunteers. By 2009, more than 200,000 people had made over 100
million galaxy classifications [98], mostly to contribute to science [97]. Scientists ran the project, but the data
were public, volunteers moderated the forum, and some volunteers became paper authors [74]. Contributors
could see what their labels led to.

5.7 Two Patterns of Success, and the Unit of Contribution as Point of Failure

• Every case that kept contributors for years, Chatbot Arena included, had a clear goal that is never finished,
plus the other two mobilizing ingredients at least partly (motivation tied to seeing the work used, or for
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Arena, a service people wanted). The campaigns ended with their datasets, labor and consultations lasted while
organizers paid, and the open platforms drew few people.

• Only Wikipedia and OpenStreetMap had all three commons ingredients. Where an operator held the artifact, as
with Arena, contributors’ work became the operator’s asset. Where the artifact was a frozen release, as with
the campaigns, others could take it into narrower products.

• No effort to shape AI behavior had both sets. Community Notes and Weval came closest, each with most of one
set and part of the other.

• These are associations, with three limits: the comparators are older and funded differently than the AI efforts;
nineteen cases can’t separate the ingredients from funding or from what organizers intended; and the trace
data show changes in contribution, not their causes.

• The unit of contribution explains why no AI effort had the commons ingredients. Take one OpenAssistant
ranking:
– Rankings train a reward model, which trains an assistant, so nothing in the released assistant shows which

rankings shaped it.
– The trained model belongs to whoever trained it, which is the kind of appropriation Benkler predicts drives

volunteers away [13].
– When the next model writes different replies, the ranking no longer describes what a developer needs

judged. This is why Meta collected Llama 2’s comparisons in 14 weekly batches [114].
– If the author of a reply edited it, its rankings would no longer apply, which is why OpenAssistant closed

requests for editing (Section 5.2).
• Galaxy Zoo’s labels don’t have these problems, because they describe stable objects, add up to a public catalogue

and lead to visible science. Community Notes ratings don’t either, because they judge notes that are part of a
public record.

• Labor and exchange use up preference labels, and campaigns collect them until they have enough. A commons
needs a unit of contribution that accumulates. Wikipedia’s own community came to the same conclusion about
labeling and rebuilt it as wiki pages with discussion [64].

6 A Constitution Commons

• Articles and cases, versioned, with discussion pages (meeting the Artifact ingredient)
• A stream of new behavior to adjudicate (meeting the Goal ingredient)
• Contributions of every size; bringing one’s own cases; domain projects organized around shared expertise

(meeting the Entry and Motivation ingredient)
• Compile reports showing output of the Artifact; public evaluation of every model (meeting the Motivation

ingredient)
• Bridging, juries, sampled panels, forks for voice backed by exit (meeting the Governance ingredient)
• Share-alike, dispersed copyright, nonprofit steward (meeting the Ownership ingredient)
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